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Fig.1 Examples of images in a database. They are

hard to be correctly recognized due to motion-
blur, defocus, perspective distortion, etc.
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Fig.2 Generated blurred images. The original image

is shown at the upper left corner. The level
of blurring increases for images from left to
right, top to bottom. In generative learning,
image sets B—D obtained by horizontal and
vertical blurring are employed in addition to
the original A.
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Fig.3 Effect of generative learning. Upper and lower

images in the pairs (a)—(e) represent database
and query images, respectively, and the lines
indicate matching of features.
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Fig.4 Cascaded recognizers.
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Fig.6 Examples of images in the database.
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Table 1 Training sets.

Training set | # of images | Ave. # of feature vectors
(ratio to A) | (per image) [ratio to A]

A 1 5.0 x 102 [1.0]

B 4 1.6 x 10® [3.2]

C 9 2.6 x 10° [5.2]

D 16 3.3 x 10 [6.6]
Daiag 4 9.8 x 102 [2.0]
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