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Abstract Approximate nearest neighbor search is a technique which greatly reduces processing time and required
amount of memory for nearest neighbor search. In[1]0 we proposed two approximate nearest neighbor methods:
MVHI1 and MVH2. We comfirmed the effectiveness of these methods for uniform distribution with L1 norm. In this
report, we get rid of the restrictions of these methods and propose efficient methods for L, norm and general dis-
tributions. For Ly norm, improved MVHI achived about 75% of processing time of LSH. Improved MVH2 achived
about 50% of required amount of memory of LSH.

Key words Approximate nearest neighbor search, Locality sensitive hashing, Multi-valued hashing, Principal

component hashing, Processing time, Required mount of memory, Retrieval accuracy
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