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Performance Evaluation of Local Features

for Large-scale Image Recognition

Takayuki HONDO' and Koichi KISEf

1 Graduate School of Engineering, Osaka Prefecture University
1-1 Gakuen-cho, Naka, Sakai, Osaka, 599-8531 Japan
E-mail: fhondo@m.cs.osakafu-u.ac.jp, tkiseQcs.osakafu-u.ac.jp

Abstract Various interest points/regions detectors and local descriptors have been proposed for image recogni-
tion. However, it is still unclear which interest points/regions detector or local descriptor gives the best performance
for large-scale image recognition of object instances(specific objects). In this report, we present the results of com-
parison about performance of image recognition with several interest points/regions detectors and local descriptors
using a 10,000 image-database. In our experiment, we confirmed that it was the best to employ Hessian-Affine
Region as the interest points/regions detector and GLOH/Shape Context as the local descriptor. And PCA-SIFT,
providing the functions of both the detector and the descriptor, gives the best performance as the combinational
method. In addition, we confirmed that the tendency of misrecognition is different even if the same local descriptor
is employed, in case of employing interest regions computed with another detector, furthermore, combination of
detectors gives higher accuracy.

Key words Image recognition, Interest point/region, local descriptor, Hessian-Affine Region, GLOH, Large-scale

database
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